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MANAGEMENT AND MONITORING ~ DETECTION

@ Outcome Prediction: Predicts H . @ Stroke Susceptibility: Util'ss predictive
post-stroke outcomes such as disability, : ’ models to estimate patient's stroke risk

quality of fife, and likelihood of recurrence o based on health history, lifestyle, and
to inform rehabilitation planning. \ . genatic factors.

@ Follow-up Scheduling: Automates @ Imaging Biomarkers: £mploys machine
scheduling of follow-up imaging and % \ |zarning to detect subtle Imaging
appointments based on patient-specific B ) (@ &N v} biomarkers indicating early signs of
risk profiles. ‘. 4 stroke,
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(A) Subtle, isointense, left subdural haemorrhage on head CT
(B) Al based software highlights the area of haemorthage, colour coded in red

UMass Memorlal Healthcare, Retrieved from hetps:/fwww umassmed edu/ radlology/rad-
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DIAGNOSIS AND DECISION

MAKING

@ Stroke Type Differentiation:
Discriminates between ischaemic and
haemoarrhagic stroke using Al-baced
imaging anelysls.

@ Vascular Territory Mapping: Maps
affected vascular territories to infer likely

©® Therapeutic Strategy: Suggests optimal treatment etrateqies{e.g., occlusion eltes and quide Intervention.

b |based on Al analyss of

) TREATMENT PLANNING AND
' EXECUTION

t ysls,
patient and imaging data,

o Procedure Assistance: Assists in real-time during procedures(e g Left: non-enhanced CT
navigating catheters in endovascular thrombectomy) using Middle: non-enhanced CT superimposed with Al-detected ischaemic stroke
Al-quidance. Right: corresponding ditfusion-weighted imaging (DWI) MRI

Olu, Wet al, Retrieved from https://dol.org/10,1148/radiol, 2020191193

Fig.1. An overview of machine learning driven applications in neuroradiology.®”
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== Risk Assessment: o0 Diagnosis and Tumour Tr 2 R ti and
Stratifies patient risk via predictive C@ Ciassification: Uses deep learning g Response:
analytics. for robust tumour classification. Analyses temporal scans to

evaluate treatment responses and
guide recommendations.

= Segmentation, Extent of
Cancer Screening: -, C Data i
. e mality: i i
Uses algorithms to highlight \9 Abuorsasity: Applles Alfor ppecias Q‘::’ Uses Al to integrate multi-modal
= 3

Rip = % pe tumour segmentation and
SuUspicious regions on iMmaging. 9 data for a comprehensive view of

quantification in 2D and 3D. =
disease progression.

Ind i Nodul - Stooina: Prognostication:
@ Differentiates indeterminate |=/"/||Categorises tumours based an % °‘ Ider?tifies organs at risk and detects
b1 4 @
AR

ncdules, boosting diagnostic TNM classification, guiding metastases for prognostic

accuracy. treatment options. stratificetion.

Predictive Modelli of O
Employs predictive modelling to
anticipate patient outcomes,

Minimise Overdiagnosis: Radiomics/Genomics:
Reduces false-positives and (((.))) Integrates imaging.
overdiagnosis, improving diagnostic molecular/genetic. and

specificity. histopathological data for cancer enabling personalised care.
stratification.
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Fig2. An overview of machine learning applications in oncological imaging.®



